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1. Introduction * 2. JJAS Data 3. Synoptics

How well does CCSM4 reproduce the pattern associated with extreme ‘NDRAZ2"= NCEP/DOE AMIP-II Hottest days when
hottest days for the California Central Valley (CV)? reanalyses 12 GMT daily data at subsidence inversion
Grotjahn and Faure (2008) identified Large Scale Meteorological Patterns 2.9X2.5 resolution. To match strong & low & sea
(LSMPs) associated with extreme CV heat. Grotjahn (2011) used portions Grotjahn (2011) 1979-1998. breeze blocked by
of selected LSMPs to predict extreme CV heat. Corresponding historical CCSM4 from || SLP gradientdueto _ - -* - = - - g{r,!m»;;
CCSM4 simulations of key LSMP parts and daily surface maximum b40.20th.track1.1deg.012 daily data hot T anomaly being  Jooms w',p SEE'; ;Ca;i;nd (Jn £k

temperatures in the CV region are analyzed regridded to 2.5x2.5 for circ. index centered near coast  shaded). Shading top 1.5%.

4. CCSM surface values 6. large scale patterns 7. circulation index comparisons
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5. Circulation index (CI) calculation

1. Project 850 hPa daily T anomalies and 700
hPa v anomalies on parts of respective
target ensemble mean patterns (in Fig. 3a,b)
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